








Linear barcodes at different ranges of pixels per element. Deep vs non-deep solutions. 
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Grad-CAM visualization when debasing different ABCD(E) properties. (a) 
Original, (b) Asymmetry, (c) Borders, (d) Grayscale, (e) Mask, (f) Diameter.

Histograms of foreground density distribution within different test sets. 
(a) ISIC2020 official test set, (b) ISIC19-20 “Internal” test set, (c) Private 

Dataset. Benign and malignant skin lesions are depicted in blue and 
orange respectively. 
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F1-score curves of detection algorithms at 
different thresholds for 1D barcodes
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2D  3D Our 3D

Our Dense Annotation

Classical Sparse Annotation
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Benchmark to compare EDDL with TensorFlow and PyTorch 
using Cifar10 with and without Batch Normalization.
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VISUALIZATION OF TEMPERATURE SCALING EFFECTIVENESS OVER DENSENET-121 WITH NO 
DROPOUT FOR THE MESANGIAL PATTERN RECOGNITION TASK. EACH COLUMN OF IMAGES IS 
IDENTIFIED BY THE CNN PREDICTION WITH RESPECT TO THE GROUND TRUTH ANNOTATION.

AGREEMENT BETWEEN HUMAN EVALUATORS (THREE 
DIFFERENT EXPERT PATHOLOGISTS P1, P2, AND P3) AND 

GROUND TRUTH GT CALCULATED FOR BOTH MESANGIAL (A) 
AND PARIETAL (B) PATTERNS USING THE COHEN’S KAPPA.

(a) Mesangial (b) Parietal
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(a) Mesangial
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Ranking System
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Optimal DTree

Mitochondria

OASIS

EPDT

Hilbert

ENTROPY AND INFORMATION GAIN FOR THE GENERATION OF THE SAUF TREE USING THE TEMPORAL POPULARITY CLASSIFIER. EACH ROW
CORRESPONDS TO ONE NODE OF THE TREE. VALUES HAVE BEEN ROUNDED FOR VISUALIZATION REASONS. BOLD VALUES IDENTIFY THE ENTROPY AND
THE IG OF THE CONDITION CHOSEN FOR THE CURRENT NODE IN THE DECISION TREE. THE FINAL RESULTING TREE IS REPORTED ABOVE TO THE LEFT.
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Grana Rosenfeld
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Pooling/Upsampling

Conv* + Batch Norm + ReLU

Dropout

Conv* + Batch Norm + Sigmoid

29 layers with about 5M trainable parameters

* fixed stride of 1 pixel.

256

19
2

256

192

RGB + HSV + L* probability map 
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