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The paper has a GitHub, the GitHub has a README, the README has nothing
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Evidence from MICCAI Proceedings

Code sharing is rising. Verifiable code is not keeping up proportionally.
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#©) What MICCAI Already Asks For

AImage'e®

MICCAI explicitly lists reproducible research policies. Verifying them is left to the reviewer.

M d l d Al tL\ b t t o () conferences.miccai.org
oadel an orithms ataseTs :
g 2 6. Reproducible Research

‘ ‘ MICCAI is committed to reproducible research. At MICCAI 2026, we strongly encourage authors to improve the reproducibility (
- Settmgs - StO«tlSthS open data, open implementations, and appropriate evaluation design and reporting. Where possible, we invite authors to use
- Fr'ameworl( used - Annotat;on PrOtOCOl code gva.nable for open access by other researchers. We will instruct reviewers and Area Chairs to take reproducibility of the'

submission.
) ) Authors are strongly encouraged to considerthefollowingrulesforscientiﬁc reproducibility.

« Forall models and algorithms, please include

ro‘e Release Experimental Results o Adescription of the mathematical setting, algorithm, and/or model.
x o An explanation of any assumptions.
- Training code + README - Hyperparame‘ters > Adeclaration of what software framework and version you used.
- Pre-trained Models - Statisti cal analvs;s - Forall datasets used, please include:
o The relevant statistics, such as the number of examples.

_ ) L J o Description of the study cohort.

o Forexisting datasets, citations as well as descriptions if they are not publicly available.

o For new data collected, a complete description of the data collection process, such as descriptions of the experi
acquisition parameters, subjects/objects involved, instructions to annotators, and methods for quality control.

o Alinkto a downloadable version of the dataset (if public).
o Whether ethics approval was necessary for the data.

« Forall code related to this work that you have made available or will release if this work is accepted, please include:
o Specification of dependencies.

o Training code.

3/18



AImage'e®

What MICCAI Already Asks For

MICCAI explicitly lists reproducible research policies. Verifying them is left to the reviewer.

Model and Algoritlnms

~

- Settings
- Framework used

y

Code Release

~

- "rr-a;y\;y\g code + README
- Pre-trained Models

y

2

Datasets

- Statistics
- Annotation Protocol

~

v,

Experimental Results

- Hyperparameters
- Statistical omoulysis

J

Many review-time questions are verifications,

not judgments!

o o conferences.miccai.org

6. Reproducible Research

MICCAI is committed to reproducible research. At MICCAI 2026, we strongly encourage authors to improve the reproducibility (
open data, open implementations, and appropriate evaluation design and reporting. Where possible, we invite authors to use
code available for open access by ather researchers. We will instruct reviewers and Area Chairs to take reproducibility of the
submission.

Authors are strongly encouraged to consider the following rules for scientific reproducibility.

« Forall models and algorithms, please include
o Adescription of the mathematical setting, algorithm, and/or model.

o An explanation of any assumptions.
o Adeclaration of what software frameworlk and version you used.

- Forall datasets used, please include:
o The relevant statistics, such as the number of examples.

o Description of the study cohort.
o Forexisting datasets, citations as well as descriptions if they are not publicly available.

o For new data collected, a complete description of the data collection process, such as descriptions of the experi
acquisition parameters, subjects/objects involved, instructions to annotators, and methods for quality control.

o Alinkto a downloadable version of the dataset (if public).

o Whether ethics approval was necessary for the data.
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Can we leverage modern Al tooling to perform bounded checks and present the results as
decision support, not an automated gatekeeper, in a transparent, evidence-grounded report?



LaperSnitch Design Principles

The Paper Has a GitHub, the GitHub Has a README, the README Has Nothing: Reproducibility Signals for Review Support 2 Try another paper

Bolelli Fec antoli

aperSnitch

Kevin, Lumetti Luca, Grar antino - M 6

& Paper with highlighted evidence @ Reproducibility checklist @ Paper type Overview Checklist 220 Code  Pipeline
e gy UBLA U1 UL IET UGLASELE. 1113 HISUIVU PapS! 11y 1IVUIVE UGLE, HEHUIINY, HSHUS SUIILS Gppiuveal Hiiauu s
ments from two annotators with more than 3 vears of experience. Annotators important.
filled the same criterion/component rubrics exposed by the tool (20 paper crite-
ria, 10 dataset criteria, and the code-component checklist) and evaluated sepa- 12 Number of Runs (S Experiments @ in paper

01

rate paper batches, discussing ambiguous cases to reach consensus before final-
izing the rubric scores. In u the agreement between automated and human
labels is computed by treating each field as a binary decision (true/false). Agree-
ment is computed independently for each of the three main analysis components
(paper, dataset, and code) and also overall (pooling all fields across components):

“Far each paper, we run the full workflow twice, swapping only the llm used in all generation steps: GPT-
4oand GPT-5." PERFORMANCE IN_THE FIELD

The paper documents two runs for each evaluation, changing the LLM model between runs. This indicates
the number of runs considered but does not delve into full variance assessment.

conf. 80%

. 13 Results with Variance  important Experiments
we report percent agreement (accuracy), defined as the fraction of fields where B > [ X Missing
the automated label matches the human label, and Matthews Correlation Co- No evidence text refated to reporting results with variance, such as mean + SD or confidence intervals, is cont. 80%
efficient (McC) Iﬁ:ﬂ In our randomly sampled pool of 100 papers, paper-type found in the provided sections. This is an important aspect for method papers to confirm result reliability and
classification was always correct. [Tab. T|also reports average token usage. The variability.
A ; - averaces $) 9 T Ay - $0.4: . T8 . . - -
cost per paper averages $0.23 for GPT-40 and $0.43 for GPT-5. 14 Statistical Significance (imporiant Experiments [ Missing
) The provided sections do not contain any reference to statistical tests such as t-tests, p-values, or Wilcoxon conf. 90%
5 Discussion and Conclusion tests to validate performance claims. The focus seems to be on reproducibility aspects rather than statistical
i . . validation of experimental results.

This paper presents PAPER-SNITCH as a practical proof-of-concept for evidence-
grounded reproducibility screening in medical imaging submissions. The sys- 15 Evaluation Metrics [important Experiments [ x Missing |
tem decomposes reproducibility into interpretable criteria, ties decisions to in- The provided sections do not include details or definitions of evaluation metrics used in the study. There is conf. 80%
spectable evidence, and produces auditable artifacts that can support human no mention of formulas or descriptions of metrics such as Dice, loU, AUC, etc.
judgment. We emphasize that weighting choices, criteria, and thresholds should i
be tuned to each venue’s policies and validated before high-stakes deployment. 16 Runtime Reported [important Experiments [ X Missing
Limitations. Our evaluation uses a simple binary scheme, which may not cap- No explicit mention of training or inference times in the provided sections. conf. 80%
ture partial releases, Testrlcted—access c%ata, or un?lerspemﬁed settings; fu‘t.u're 17 Memory Footprint [important Experiments [ X Missing |
work should evaluate richer schemes against expert, judgments and reproducibil- ) ”
ity outcomes The system also ingests untrusted text (e e README) ] The provided sections do not mention memory requirements (GPU/RAM), which are important for assessing conf. 80%
li T Rt oae] R — ibl o L the method's operational needs. Other aspects like reproducibility barriers and standards are discussed but
ies on LLM-guided indexing, making it susceptible to prompt-injection; mitiga- do not provide the specific memory footprint details
tions already include schema-constrained outputs and deterministic cross-checks ‘

18 Failure Analysis important Experiments @ in paper + Present

02

“Limitations. Our evaluation uses a simple binary scheme, which may not capture partial releases,
restricted-access data, or underspecified settings; future work should evaluate richer schemes against
expert judgments and reproducibility outcomes. The system also ingests untrusted text (e.g., readme) and
relies on lim-guided indexing, making it susceptible to prompt-injection; mitigations already include schema-
constrained outputs and deterministic cross-checks against the repository tree.”

DISCUSSION_AND CONCLUSION

03

conf. 90%

eview-time safe calable and auditable

Evidence-grounded

The system never executes untrusted
code or attempts GPU-heavy
reproduction

Every claim the tool makes traces to
an inspectable artifact

Many papers run concurrently,
exposed failures, intermediate
artifacts kept for auditing
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&0 PAPER-SNITCH: The End-to-End Workflow

AImage'®
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AImage'®

extracts sections
S7 with GRORBID

Pa(ae.r
Pa.l"&':.ing

Section

Em[:e.o(ohng

Pnper Dn|l/ i

Classific. proposes a

DA employs the
entire content

Paper Ingestion and Classification

01

03

Parsing

Section embedding

GROBID turns the PDF into Sections are split into overlapping

structured TEI/XML: section-wise spans — 2k characters, 20 %

text plus figures, tables and overlap — embedded and stored in

captions. a reusable vector index.

GROBID — TEI/XML REUSABLE INDEX

02

Classification

An LLM labels the paper dataset,
method, both, or purely theoretical.
The label gates which branches
apply and sets the weights.

4 PAPER TYPES

Yellow = LLM call - = deterministic - red = conditional branch 7/18
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AImage'®
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Paper Analysis

LLMs extract the evidence. The arithmetic stays deterministic.

Models Datasets Experiments

i~ ik 5 0 )

01

Criteria

20 MICCAI criteria grouped by 3 categories:
models, datasets, experiments. Each with a

precomputed embedding.

04

Criteria Embeddings Sections Embeddings

=l | |
: E /| I}' T/ollpuku I
.Il | L J u u

21)<¥£férha \\\' ]

02

extracts ‘Flnd‘mgs ‘Fo“owing

7 MICCAL guidelines

Paper
Analys?s

Criteria emb.
. (e )0
\
-'_ 'I'op—k section emb.

03

Retrieval

For each criterion embedding,
cosine similarity picks the top-k
most similar section embeddings.

LLM check

One criterion at a time, LLM check its
presence (p;) in the section embeddings
and the confidence (c;) .

Paper analysis output

Structured JSON + Written Summary

(1

criterion: C7
presence: true
confidence: 0.86

evidence: ...

3

\

Sqg =
[Sg = 100/|1g| x Z(P?Xci)] —> J 70

J

Yellow = LLM call - = deterministic - red = conditional branch

Three scores, one for each category (Sg)

®
g )

100
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Code Analysis

AImage'e®
01 02 03
Code avalilability Two-pass ingestion Chunk & fingerprint
Links are resolved from the manuscript Pass one reads the README and Files are chunked into ~20k-character
and checked if they are reachable, non- file tree; an LLM returns an ordered blocks with path and index kept, and a
empty, and not a placeholder. include list. per-file SHA-256 for cache safety.
04
obtains/checks ingests ond embeds combines code _
A git links A code file by file A and text Code analysis output

Sum of six components: a superset of MICCAI
— code-related requirements.

Code
Analysis

Code

avail,
: > E Emb&dding&

Se = 55
. Se =100 x = by / = my|—>
not availaue———‘/ ( © J J [ ¢ J
0 100

Yellow = LLM call - = deterministic - red = conditional branch 11/18
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AImagets Final Aggregation

One weighted total. Weights follow the paper classification.

Paper
Sp=70 Classif.
Paper
. | ]
Analysis
20 criteria
setsa, B,y
normalized: a,+ B +y=1
cod Sc =55 n Stinal = 64 ®
ode
malysis |7 | —— | Spa=aspeBscrysd  [— | |
6 axes - skipped if no code 0 100
nocode - B=0 eg.a=0.6,4=04,y=0
no new dataset - y=0
Sd =80
Dataset
—> ]

Analysis

10 criteria - new datasets only

Yellow = LLM call - = deterministic - red = conditional branch 13 /18



Does It Agree With Humans?

Human — algorithm agreement validated on 100 papers from MICCAI 2025, randomly sampled,

«stratified» over the three categories: dataset, method, both.

GPT-40 GPT-5

ANALYSIS AGREEMENT MCC AGREEMENT MCC
Code 90.7% 0.81 84.8% 0.68
Paper 77.5% 0.57 66.3% 0.38
Dataset 72.2% 0.29 65.0% 0.18

Global 80.4% 0.60 70.9% 0.43
GLOBAL ACCURACY GLOBAL MCC COST PER PAPER

+ 9.5 + 0.17 - $0.20
GPT-40 80.4% vs GPT-5 70.9% GPT-40 0.60 vs GPT-5 0.43 GPT-40 $0.23 vs GPT-5 $0.43

[17] Matthews (1975), MCC. [7] GPT-4o System Card. [22] GPT-5 System Card. Deltas are GPT-40 minus GPT-5; agreement in percentage points. 14 /18



AImage'e®

Is the Snitching a Closed Case?

Evidence Found

i i Drop a paper, get a reproducibility report.
» Evidence-grounded screening

lataset documentation and code repository, and returns a 00 score with the evidence highlighted In the pap

* Supports reviewers, does not replace i
their judgment o3

Drop a PDF here
- Tune weights and criteria per venue |

Sample papers

OUR-PAFPER-PAPERSNITCH METHOD-PAPER-WITH-PUBLIC.CODE NEW-DATASET-AND-BENCHMARV¥
- - 2 The Paper Has a GitHub, the GitHub A flexible deep learning framework for Endplate3D-QCT: A High-Resolution
I n e r n Ves I g a I O n Has a README, the README Has survival analysis with medical data Dataset and Benchmark for Automated

Nothing: Reproducibility Signals for . : y 3D Segmentation of Lumbar Vertebral

Review Support Tt Endplates in QCT
 Binary labels miss partial releases

» Replay analysis RS & P Replay anslysis IS B Ry P Replay analysis [ &

and restricted-access data
» Prompt injection (e.g., in the code or e ey
in the paper)

P Aeplay analysis [EF B

 LLM cost
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What We Are Actively Doing

AImage'e®
IAPR TECHNICAL COMMITTEE MICCAI WORKSHOP
TC-22 R2MI 2026
Reproducible Research in Pattern Recognition Reproducible Research in Medical Imaging

$ Home Call for papers Dates Schedule & Speakers Submissions Organizers News

/
MICCAI20%"

> R2MI 2026
Renroducible | > Reproducible Research 1n
VAN

> A MICCAI 2026 Workshop on Practical Strategies, Tools,
and Policies for Robust, Transparent, and Reusable
Medical Imaging AI

IAPR TC-22 — Reproducible Research in Pattern Recognition (iapr.org) 16 / 18
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MICCAI20%"
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> Reproducible Research 1n

. - ~ |
Reproducible ' '
R metlib L Medical Imaging
7\

> A MICCAI 2026 Workshop on Practical Strategies, Tools,
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