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Evidence from MICCAI Proceedings
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Code sharing is rising. Verifiable code is not keeping up proportionally.



What MICCAI Already Asks For

3 / 18

MICCAI explicitly lists reproducible research policies. Verifying them is left to the reviewer.
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What MICCAI Already Asks For
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MICCAI explicitly lists reproducible research policies. Verifying them is left to the reviewer.

Can we leverage modern AI tooling to perform bounded checks and present the results as 

decision support, not an automated gatekeeper, in a transparent, evidence-grounded report?

Many review-time questions are verifications, 

not judgments!



Design Principles
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01

Evidence-grounded

Every claim the tool makes traces to 
an inspectable artifact 

02

Review-time safe

The system never executes untrusted 
code or attempts GPU-heavy 
reproduction

03

Scalable and auditable

Many papers run concurrently, 
exposed failures, intermediate 
artifacts kept for auditing



PAPER-SNITCH: The End-to-End Workflow
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Paper Ingestion and Classification
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01

Parsing

GROBID turns the PDF into 

structured TEI/XML: section-wise 

text plus figures, tables and 

captions.

GROBID → TEI/XML

02

Classification

An LLM labels the paper dataset, 

method, both, or purely theoretical. 

The label gates which branches 

apply and sets the weights.

4 PAPER TYPES

03

Section embedding

Sections are split into overlapping 

spans — 2k characters, 20 % 

overlap — embedded and stored in 

a reusable vector index.

REUSABLE INDEX

Yellow = LLM call · grey = deterministic · red = conditional branch



PAPER-SNITCH: The End-to-End Workflow
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Paper Analysis
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LLMs extract the evidence. The arithmetic stays deterministic.

01

Criteria 

20 MICCAI criteria grouped by 3 categories:

models, datasets, experiments. Each with a 

precomputed embedding.

03

LLM check

One criterion at a time, LLM check its 

presence (pi) in the section embeddings 

and the confidence (ci) .

02

Retrieval 

Paper analysis output 

04

Structured JSON + Written Summary Three scores, one for each category (Sg)

Yellow = LLM call · grey = deterministic · red = conditional branch

For each criterion embedding, 

cosine similarity picks the top-k 

most similar section embeddings.  



PAPER-SNITCH: The End-to-End Workflow
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Code Analysis

11 / 18Yellow = LLM call · grey = deterministic · red = conditional branch

01

Code availability

Links are resolved from the manuscript 

and checked if they are reachable, non-

empty, and not a placeholder.

02

Two-pass ingestion

Pass one reads the README and 

file tree; an LLM returns an ordered 

include list.

03

Chunk & fingerprint

Files are chunked into ~20k-character 

blocks with path and index kept, and a 

per-file SHA-256 for cache safety.

04

Code analysis output 

Sum of six components: a superset of MICCAI 

code-related requirements.



PAPER-SNITCH: The End-to-End Workflow
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Final Aggregation
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One weighted total. Weights follow the paper classification.

c

c

c

c

c

Paper
Analysis

Sp = 70

20 criteria

Code
Analysis

Sc = 55

6 axes · skipped if no code

Dataset
Analysis

Sd = 80

10 criteria · new datasets only

sets α, β, γ
normalized: α,+ β + γ = 1

Sfinal = α·Sp + β·Sc + γ·Sd

no code  →  β = 0
no new dataset  →  γ = 0

Sfinal = 64

0 100

e.g. α = 0.6, β = 0.4, γ = 0

Paper
Classif.



Does It Agree With Humans?
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[17] Matthews (1975), MCC.  [7] GPT-4o System Card.  [22] GPT-5 System Card.  Deltas are GPT-4o minus GPT-5; agreement in percentage points.

GPT-4o GPT-5

ANALYSIS AGREEMENT MCC AGREEMENT MCC

Code 90.7% 0.81 84.8% 0.68

Paper 77.5% 0.57 66.3% 0.38

Dataset 72.2% 0.29 65.0% 0.18

Global 80.4% 0.60 70.9% 0.43

GLOBAL ACCURACY

+ 9.5
GPT-4o 80.4% vs GPT-5 70.9%

GLOBAL MCC

+ 0.17
GPT-4o 0.60 vs GPT-5 0.43

COST PER PAPER

− $0.20
GPT-4o $0.23 vs GPT-5 $0.43

Human – algorithm agreement validated on 100 papers from MICCAI 2025, randomly sampled, 

«stratified» over the three categories: dataset, method, both.



Is the Snitching a Closed Case?
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Evidence Found

• Evidence-grounded screening

• Supports reviewers, does not replace 

their judgment

• Tune weights and criteria per venue

Still Under Investigation

• Binary labels miss partial releases 

and restricted-access data

• Prompt injection (e.g., in the code or 

in the paper)

• LLM cost



What We Are Actively Doing
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IAPR TC-22 — Reproducible Research in Pattern Recognition (iapr.org)

IAPR TECHNICAL COMMITTEE

TC-22
Reproducible Research in Pattern Recognition

MICCAI WORKSHOP

R2MI 2026
Reproducible Research in Medical Imaging



What We Are Actively Doing
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IAPR TC-22 — Reproducible Research in Pattern Recognition (iapr.org)

IAPR TECHNICAL COMMITTEE

TC-22
Reproducible Research in Pattern Recognition

MICCAI WORKSHOP

R2MI 2026
Reproducible Research in Medical Imaging

2027?
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