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outperforms all competitors across all evaluated scenarios, achieving higher unbiased and worst-group accuracy metrics.

Bias Attribute: Gender
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Identifying Bias: Clustering Loss as a Proxy
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DNN failures arise from data or algorithm 
biases [1].

Main Idea: Samples belonging 
to clusters with high cluster 
classification loss can aid in 
identifying samples prone to 
spurious correlations, without 
protected group knowledge.
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WORST GROUP ACCURACY

DATASETS: in our experiments with CelebA, the gender attribute has been used as the bias attribute to evaluate the 
robustness of the proposed method, as in [3,4]. 
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RESULTS: we show how ClusterFix outperforms all competitors across all evaluated scenarios, we report results in 
terms of average-group accuracy and worst-group accuracy. For complete results and datasets, check the paper!
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Abstract

Method Experiments and Results

Our Contribution: Our method 
introduces a reweighting-based 
approach designed to achieve 
generalization across groups 
without requiring their direct 
supervision.
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Current debiasing methods [2] need prior 
knowledge, impractical in real scenarios.

We suggest a novel debiasing method 
without external bias information.

This method extend ERM with per-example 
weights from the majority class.

Weights are based on the model's ability to 
infer correct pseudo-labels via clustering.

Smooth feature space via cluster 
classification avoids shortcuts in 
target classification.

Useful for spotting problematic 
clusters with high loss and small size.

Sample classification loss weighted by factor 𝑤𝑤, 
based on cluster significance.
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